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Issues:
Rare actual energy usage info,
Low energy program yield (10-20%)



New opportunity with AMI
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New opportunity:

Interval energy consumption data(1hour, 15min)
=) New features available

ex) Peak hour, usage pattern, base consumption



1. Segment the customers with relevant features
=> The features should represent energy
consumption lifestyles well.

2. The methodology should be
a. Innovative
b. Scalable
c. Analytic
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Segmentation flow
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Data description

e Anonymized smart meter data provided by
Pacific Gas and Electric Company (PG&E)

California
Building Climate Zones

“ The image cannot be displayed. Your computer may not have enough memory to open the image, or the image may have been corrupted. Restart your computer, and then open the file again. If the red x still app|

e 123,150 households of
1 year data:
45MM daily profiles o :
(Aug 2010 — July 2011) ———




Segmentation by usage volume

Avg daily consumption

Probability density function of avg daily consumption
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Segmentation by variability

Entropy of load shape codes
~ consumption pattern variability
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Multiple features

Ex) usage volume and variability

~ o Stable Moderate | Variable
g
i 2Variabi|ity(=load :hape entropy) i
Stable Moderate |Light Total
Heavy 13.03% 11.62% 0.47% 25.11%
Moderate |[9.42% 30.46% 10.05% 49.93%
licht 7 51094 7 QEo/ 14 60% 24 ORY%
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Conclusion

e Check the goal again

B Provided segmentation examples with relevant
features.

B) The methodology is innovative, scalable,
analytic.



Future works

lhs ulmge; ot unveSnuaputlr maly nmg e endugh Memory to opervlhe \maqge§e ma h¥n Corrupree R§ your computer, and then open the file again. If the red x still appears, you may have to delete the image and then insert it again.

e Various applications
ex) load shape prediction, load prediction

e With feedback data, test the implications






